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2.1
2
3
1.2 j
litemsets rules I
ABCD  AB i+ 1 j
conf = support ABCD /
support AB conf = miniconf AB
—CD ABCD 22
customer
transaction transac-
Ly = {large I-itemsets} /7 - tion customer — id transaction —
for k=2 L,_1%% k+ + do begin time item
C, = apriori-gen L,_; // k-1 - 1 itemset item
k- forall transactions € D do begin
C,=subset C, ¢t // t ) sequence
forall candidates ¢ € C, do
c.count + + i i iy iy ij
end 4 N < 81 8
L, ={ c€ C,lc. count=minsup} o> N
n j
end Answer= U, L, a<a ay a> b<b b
apriori-gen L,_, k-1 - . . .
i L b, > 1 <ih< <1, a
bii ay biy an bin a
b <3 45 8 >
insert into Cj <7 38 9 456 8 > 3
select p.iteml p.item2 p.item,; q.item, 38 45 456 8 8
from Ly p Lyiq <3 5> <35 >
where p. iteml = (. iteml p. item,, = q. 3 5
item; , p.item; | < q.itemy 3 5
pruning c k-1 - $
Ly c€ C, s maximal
forall itemsets ¢ © C;, do
forall k£ — 1 -subsets s of ¢ do
if s ¢ L;_; then >
delete ¢ from C, customer-sequence
Iy T r, T;
2 itemset T

itemset T itemset
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T, itemset T, 1
1
Customer Id Customer Sequence
1 < 30 90 >
2 < 1020 30 40 60 70 >
3 < 30 50 70 >
4 < 30 4070 9 >
5 < 9% >
D
sequential pattern
2.3
5
2.3.1 Sort Phase
D customer-id major
key transaction-time minor key
transaction database
2.3.2 Litemset Phase
L
1-
<Il>lleL
2
Large Itemsets Mapped To
30 1
40 2
70 3
40 70 4
90 5
1
30 40 70 40 70
90 2

entity
2.3.3 Transformation Phase
L1 . L,
Dy
3
ID 2
10 20
40 60 70 40 70
70
2.3.4 Sequence Phase
1-
2.3.5 Maximal Phase

n
for k =nk>1%k-- do
foreach k-sequence sk do

Delete from S all subsequences of sk
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3
Customer Id Original Customer Sequence Transformed Customer Sequence After Mapping
1 < 30 9% > < 30 90 > <1 5>
2 < 1020 30 40 60 70 > < 30 40 70 4070 > <1 234>
3 < 30 50 70 > < 30 70 > <13 >
4 < 30 4070 90 > < 30 40 70 40 70 90 <1 234 5>
5 < 9 > < 9 > <5 >
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Design and Application of Association Rules and Sequential

1. Shandong GEO developing center

Patterns in Geography Information Data Digging

WU Wei — hua' YUAN Ning?
Shandong Jinan 250013 China 2. School of information Science and Engineer-

ing Jinan university Shandong Jinan 250022  China

Abstract As two models of geographic information data digging association rules and sequential patterns are studied in
this paper. Realization of Apriori algorithm in searching large item sets by using association rules is introduced as well.
Based on sequential patterns of data digging the result of apriori algorithm is optimized. Thus a closed connection be-

tween association rules and time sequence is set up whic will realize good use of large scale geographic information data

base.
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